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removal methods are still far from perfects.
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From left t input Zhang, STC-GAN,
DSC, ARGAN, RIS-GAN, CANet, and the corresponding ground truth.

2 Motivation

> Shadow removal is important for other computer

vision tasks. :
. . L Results in Complex Real-World Images

> There are some potential matching pairs in —
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> A novel two-stage context-aware network CANet
for shadow removal.

> A trainable contextual patch matching module to
obtain potential contextual relationships.

> Superior performance over SOTA methods.
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B 7 Failure Case

Image LcaNet = M Lrem + A2Lper + A3Lgrad -
patches
Lrem = gt — Tout|, | N R G I S Failure cause: When there is no
_, strong contextual correlation
-~ between shadow and non-shadow
= regions, such as the red
rectangular area in the image.
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4 Datesets & Metrics

> Datasets: ISTD and SRD datasets.
> Metrics: RMSE between output and ground truth.
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