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We achieve 41.4% correctness for top-3 presence prediction,
while that of HContext is 38%.
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Conclusion
We propose a correlational Gaussian processes for cross-

domain visual recognition with the relational models based on
both the positive and negative co-occurrence statistics. Our
proposed algorithm flexibly explores both the pairwise and

. | R = - = high-order relational models. It works well for visual
E-Album VP Dataset SUN 09 Dataset recognition tasks in all individual domains.
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