
• “collection style code” as a weighted mean 
of the “style codes”:

Artistic style transfer
• Synthesize an image sharing structure similarity of the 

content image and reflecting the artistic style.

• Style is not only in one individual style image but also a 
reflection of an art collection.

• Arbitrary style transfer cannot benefit from other style 
images sharing similar style.

• Collection style transfer only recognize and transfer the 
domain dominant style clues and thus lack the flexibility 
of exploring style manifold.

• A unified Model that handle arbitrary style transfer and 
collection style transfer.

• “style codes” is modeled as the dynamic parameters 
within Dynamic ResBlocks.

• Style consistency & Content structural similarity.

• Dataset: Place365 dataset and Wikiart dataset.

• Metrics: Deception score, Human                                 
study and Memory consumption. 

• Project: https://github.com/xuwenju123/DRB-GAN.
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• “style code” in dynamic ResBlocks:
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• Arbitrary Style Transfer 
• Different resolutions

• Interpolation

• Collection Style Transfer 

• HD resolution

• Collection discriminator

• Style encoding network
• Learnable CNN & Pretrained VGG
• Style recalibration 

• Style transfer network
• Dynamic ResBlock 
• SW-LIN Decoder

• Preserve local feature.
• Remove artifacts.

• Discriminative network
• Discriminate on image and target 

style collection

• Better style consistency

q Visualization Comparison with State-of-the-art Approaches

q Visualization on Ablation Study

q Robustness Analysis
• Unseen style
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• SW-LIN Decoder
DRB-GAN w/ lay norm w/ instance norm w/o VGG 
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The Evolution of Picasso’s self portrait
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Art collectionStyle: Surrealism
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